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The use of artificial intelligence (AI) in higher education has mostly focused on issues 
associated with teaching and assessment. In this paper I used AI to support the analysis 
of data which consisted of public comments on a newspaper article. This small, low risk 
research was chosen to demonstrate the potential use of AI and how it may support 
qualitative data analysis. I present my journey from a naïve user of AI to a position 
whereby I would consider using it as a support for future data analysis. My article 
touches on some of the ethical and accountability issues for the use of AI and provides 
recommendations that address ethical and accountability issues.  

 
Introduction  
 
There is considerable information being produced on the use of artificial intelligence (AI) 
in higher education. Much of this information is based on its use in the appropriate 
support of student learning (Bouteraa et al., 2024; Scarfe et al., 2024) including English 
language learning (Aini et al., 2024), how academics are adapting to student use of AI 
(Folabit & Jita, 2024), and in research (van Dis et al, 2023). Bouteraa et al. reported on the 
general acceptance of AI by students in higher education and their limited considerations 
of integrity in its use. Scarfe et al. revealed how accurate AI can be in the production of 
examination answers with 94% of wholly AI generated answers not being identified as 
produced by AI. Additionally, the examination answers provided by AI achieved higher 
marks than students in a psychology course. In other research, Indonesian students 
reported positive integration of AI in English language learning (Aini et al.), indicating the 
extensive use of AI in international contexts. Folabit and Jita indicated the necessary shift 
in academic identity from transmitting knowledge to becoming learning facilitators and 
the necessary development of academics’ digital literacy to adapt to this essential change.  
 
Van Dis et al. (2023) indicated that researchers should educate themselves about the 
strengths and weaknesses of AI. These researchers identified five areas that researchers 
need to pay attention to. These areas include the use of human checking and verification 
of what has been produced. This is especially important for specialised research as the 
evidence indicates that AI does not always provide accurate information. The second issue 
described by van Dis et al. is around the accountability and the development of rules to 
ensure that accountability is maintained. The challenge of transparency, the third aspect 
raised by van Dis et al., may be affected by the private ownership of AI, with major 
technology companies such as Microsoft owning the processes for which intellectual 
property rights prevent public knowledge of how to best employ them. Despite these 
technical aspects van Dis et al. suggested that it is important for researchers to “embrace 
the benefits of AI” (p. 225). The fifth area identified by van Dis et al. is the discussion 
amongst researchers and the widening of the knowledge and how AI might be used 
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ethically and how it may benefit researchers and the communities they serve by making 
results and findings of research more accessible. The varied literature about the use of AI 
in higher education indicates its deepening effects for the future and the importance of 
academics developing their own knowledge and skill in the appropriate use of AI to 
support many academic activities, including research.  
 
In this paper the author who is a multidisciplinary researcher uses an autoethnographic 
approach to present her journey to the use of AI in supporting qualitative data analysis 
whilst maintaining ethical and appropriate use of AI for the analysis of research data. The 
paper includes an introduction to the researcher and the theory of diffusion of innovation 
which underpins some AI research (Ayanwale & Ndlovu, 2024). Then the context of a 
specific small qualitative research project is presented to contextualise the remainder of 
the paper. The paper then follows the standard structure of a research paper with details 
of the research procedure which includes the initial analysis by the researcher, followed by 
the process of using ChatGPT to analyse the data. The full analysis from ChatGPT is 
included to allow readers who are not familiar with ChatGPT to see what is produced. 
The paper provides a discussion of the differences between the ‘human’ data analysis and 
that produced by ChatGPT and recounts the researcher’s thoughts on this whole process. 
Some recommendations are provided for the potential ChatGPT user.  
 
Researcher positionality 
 
I am a multidisciplinary researcher and work from a pragmatic perspective whereby I 
work with qualitative, quantitative, or mixed methods research designs depending upon 
the research question (Cherryholmes, 1992; Creswell & Poth, 2018, pp.26-27) or the 
problem being presented. This pragmatic approach enables me to choose what I consider 
to be the best approach to answer the research question and for this paper 
autoethnography, in particular analytic autoethnography (Anderson, 2006) was the 
approach that best suited the description of my journey. Additionally, I realise the 
importance of maintaining currency both in research design and how research may be 
conducted with increasing digital support. I have previously undertaken research in road 
safety/driver behaviour and maintain an interest in the area. Therefore, I came to this 
research with pre-conceived ideas that may have impacted my analysis of the data. It is 
important that researchers declare their position on research and acknowledge potential 
bias (Berger, 2015).  
 
Theoretical underpinning for the research 
 
Rogers’ (1962, 2003) theory of diffusion of innovation was used to contextualise the 
researcher’s position towards her use of AI. In terms of Rogers’ theory of diffusion of 
innovations, I would generally fall into the category of ‘early majority’ which represents 
individuals who generally adopt an innovation before many others, but with AI I was 
concerned about both the complexity of AI and had some ethical issues with its use 
within research projects, resulting in me considering that I was a ‘laggard’ within the 
descriptions provided by Rogers (2003, pp. 282-284). Laggards are the last members of 
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the population to adopt an innovation, although Rogers also accepts that there are those 
who never accept some innovations. Rogers indicated that 2.5% of the population would 
be innovators, the next 13.5% were described as ‘early adopters’, the next 34% were ‘early 
majority’, the next group were ‘late majority, also at 34% and the fifth and final group 
were ‘laggards’ at 16%. Some readers may recognise these percentages as being based on a 
statistical normal distribution and Rogers indicated that these categories were based on the 
mean time for adoption and based on the standard deviations for that time frame (Rogers, 
2003, p. 280). This means that when discussing an innovation, the categories for adoption 
cannot be carried out in advance, as each innovation may have different outcomes. The 
mean time for the adoption of an innovation is different for different innovations and 
may depend on a variety of factors. The diffusion of innovation theory has underpinned a 
number of research projects with Ayanwale and Ndlovu (2024) adding ‘trust’ to the 
variables included in the theory. This is an important aspect, particularly in relation to AI, 
as trust has been an issue in what is produced by AI (Ayanwale et al., 2024; Vetter et al., 
2024). 
 
The use of AI 
 
Considerable research has been conducted across different contexts on the use of AI. 
Several research approaches have been employed to demonstrate the issues. Scarfe et al. 
(2024) used a straightforward experimental approach for the analysis of psychology 
examination answers written wholly by AI. This research indicated the accuracy of AI in 
these circumstances and also the challenge for academics of identifying AI produced 
answers. Aini et al. (2024) also employed a quantitative survey to determine the use of AI 
in English language learning by Indonesian students. Vetter et al. (2024) employed a case 
study approach using the work and experience of one undergraduate student to 
demonstrate issues with AI. In this article the issue of trust and distrust was presented and 
discussed. However, the student who participated in the research did not necessarily use 
good critical thinking strategies to determine whether the information and examples to 
him from AI were realistic. This is an important factor as expert knowledge of a topic is 
necessary as a precursor to the use of AI.  
 
Several researchers have examined the use of critical thinking in relation to the use of AI, 
with Yusuf et al. (2024) presenting a framework to enhance critical thinking skills when 
students are synthesising AI-generated information. Making a connection to the work in 
Bloom (1956) and moving from knowledge to higher order thinking, Yusuf et al. indicated 
the importance of the development of critical thinking skills. In other research on the 
relationship between AI use and critical thinking skills, Muthmainnah et al. (2022) and 
Suriano et al. (2025) indicated that the use of AI, if appropriately supported, can promote 
the use of critical thinking skills. These papers indicate that it is incumbent upon 
academics to understand and be able to communicate appropriately about the use of AI 
with their students. 
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Context of the research referred to in in this paper 
 
I wanted to analyse comments from the general public in relation to a newspaper article 
on the topic of road safety, in particular the introduction of new speed cameras that could 
also identify mobile phone/device use, failure to wear a seatbelt, and potentially other 
risky driving behaviours. The digital version of the newspaper enabled the public to 
provide responses to the article. The use of such cameras (currently referred to in the road 
safety industry as ‘speed cameras’) is contentious with a well-recognised issue that they are 
considered as revenue raisers rather than as road safety mechanisms. This is an 
international perception that has been investigated in Canada (Tay, 2010), England 
(Allsop, 2010), and in Western Australia (Chen et al., 2012). In all three cases, the research 
results have indicated reductions in crashes involving death, after the introduction of the 
speed cameras. Despite, these results the public perception of revenue raising persists, 
indicating that some education of the general public is required.  
 
Methodology 
 
Taking a pragmatic approach and in telling the story, I considered the most appropriate 
research style was that of analytic autoethnography (Anderson, 2006). Autoethnography 
takes many forms and has been employed in a range of contexts that include journeys 
and/or developing knowledge and perspectives (Cohen et al., 2018). Examples include 
concerns about education in specific contexts (Dewantata & Budimansyah, 2024), the 
writing of a first publication published in a reputable international journal (Indrayadi, 
2024), and the development of teacher intuition (Sun, 2024). Key aspects of 
autoethnography include the telling of a story or a journey which exposes the author to 
divulge personal thoughts and details with careful editing to ensure that other individuals 
are not identified as part of the story (Chatham-Carpenter, 2010) or that appropriate 
consent is provided for any inclusion (Tolich, 2004).  
 
Anderson (2006, p. 378) indicated five key aspects in analytic autoethnography. These are 
“(1) complete member researcher (CMR) status, (2) analytic reflexivity, (3) narrative 
visibility of the researcher’s self, (4) dialogue with informants beyond the self, and (5) 
commitment to theoretical analysis.” In the research reported below I meet all of these 
five aspects.  
 
Method for this research 
 
Rationale for the selection of the data 
 
The data for this research came from responses to a newspaper article about speed 
cameras (Caporn & Dietsch, 2024). I chose this article for several reasons. First, I have 
previously studied and published about driving behaviour and therefore I have knowledge 
of the topic. Second, there were a number of public responses to the article that could be 
employed for an appropriate analysis. Third, although the topic can be contentious for 
those who have strong opinions on the use of speed cameras, it is not a controversial 
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topic. Fourth, as a researcher new to the use of ChatGPT, the data provided sufficient for 
analysis, but not an overwhelming volume. 
 
Access to ChatGPT 
 
As a beginning user of ChatGPT, I used the no cost version at https://chatgpt.com/. 
Spelling in excerpts from ChatGPT output has been changed to IIER's Macquarie 
Dictionary specification. 
 
Participants 
 
Forty-four qualitative responses from the newspaper were de-identified and downloaded 
to an MS Word document. The names on the posts on the website did not allow 
identification by third parties (unless these names were shared amongst some of the 
respondents). Some of the posts were in relation to a conversation about the topic, 
therefore the number of actual respondents may have been less than forty-four. 
 
Nature of the data collected 
 
Forty four qualitative responses to an article on the topic of road safety (Caporn & 
Dietsch, 2024). The newspaper also allowed ‘respects’ which appear to be similar to ‘likes’ 
on social media platforms. These ‘likes’ were also collected and analysed. The comments 
were also reviewed in terms of being positive or negative towards the article content. 
These likes were counted to provide a more in depth perspective on the public comments.  
 
After the data were collected and the de-identified comments were copied to an MS Word 
file, the iterative thematic inquiry (ITI) process began (Morgan & Nica, 2020). After I was 
satisfied with the themes manually generated using ITI, the original downloaded posts 
were entered into ChatGPT with the request that it analyse the data and provide themes.  
 
Data analysis by researcher 
 
My analysis followed the process of iterative thematic inquiry (ITI) (Morgan & Nica, 
2020). The four stages of ITI are assessing beliefs, building new beliefs through 
encounters with data, listing tentative themes, and finally evaluating themes through 
coding. ITI has also been linked to pragmatism which reflects this researcher’s 
philosophical underpinnings or worldview (Morgan, 2014; Morgan & Nica, 2020). ITI 
allows the researcher to initially generate themes whereas thematic analysis (Braun & 
Clarke, 2006; 2012), and reflexive thematic analysis (Braun & Clarke, 2019) start with 
codes, finally moving to themes.  
 
Findings from the initial researcher analysis of the data 
 
The findings include descriptive data as detailed above and the findings from the ITI 
analysis. The descriptive data reveals that negative comments were identified in 19 posts 
and positive comments in 13 posts. Twelve posts were part of a conversation and/or 
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contained wording that appeared to be satirical or not directly related to the topic of the 
article (road safety/speed cameras). In the manual analysis of the data, the satirical 
comments were assessed separately as it was unclear whether or not these comments 
really represented a negative or positive perspective. The number of ‘respects’ received for 
negative comments was 167. Positive comments received 41 ‘respects’. The comments 
categorised as either not applicable (off topic) or satirical collected 18 ‘respects’. These 
data suggest that most of those who posted comments had negative perceptions of road 
safety/ speed camera use. The highest number of ‘respects’ (33) was for a negative post 
that was focused on the use of cameras as revenue collectors with no focus on safety. The 
second highest ‘respect’ score was 18 for a one word response “rort”. The third highest 
‘respect’ score of 17 was for a post about the changes in speed limits over short distances. 
On the positive comments the highest ‘respect’ score was 11. This was for a post that 
suggested better education for drivers through television advertisements and a comment 
about seeing more police on the roads.  
 
Themes from the iterative thematic inquiry 
 
In this section a summary of the findings is provided. To preserve participant anonymity, 
the data analysis contains only general information with very few direct quotes from 
participants. Only summary data is provided in this paper. The focus in this paper is on 
the use of ChatGPT to investigate the analysis of the researcher’s analysis of the 
comments.  
 
My manual analysis of the posts was conducted within the dichotomy of positive or 
negative assessment content. Three themes were noted within the positive comments. 
These were knowledge and understanding, a legal perspective, and a behavioural 
perspective. Knowledge and understanding were represented by knowledge about how 
speed limits are applied by the authorities and understanding of the reason for lower 
speed limits at some locations. Comments such as ‘speed kills’ and the issue of 
inexperienced drivers and crash involvement were made. These comments suggested 
knowledge and understanding for the use of speed cameras as a deterrent to speeding 
behaviour. The legal perspective was demonstrated through comments that indicated it 
was an individual choice whether or not to speed. The aspect of obeying the law resulting 
in no fines was expressed by several respondents. Behavioural aspects were determined 
from comments that people should drive to conditions and the use of cruise control to 
manage speed as a potential solution to observing the speed limit. Several respondents 
also suggested that ‘more police on the roads’ might help in reducing speeding behaviour.  
 
Three themes relating to negative responses were a lack of knowledge and understanding, 
privacy issues, and the concept of government raising revenue from the use of the 
cameras. Lack of knowledge and understanding was represented by comments that 
demonstrated misunderstanding of how speed is involved in serious injury/death with 
several commentators suggesting that increased speed would reduce fatigue (by shortening 
the time on the road) and also result in drivers paying more attention to their driving. 
Road safety researchers have provided data that indicates that these perceptions are 
incorrect with speed only making a small difference to time on the road (Ellison & 
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Greaves, 2015). However, a search of the academic and grey literature did not provide any 
support (or otherwise) for the contention that drivers who are speeding pay more 
attention to their driving. There is research indicating that drivers are inclined to drive 
more slowly, if distracted (Iio et al., 2021). 
 
The fact that the new speed cameras can not only identify speed, but also other risky or 
unsafe behaviours raised issues of privacy for some participants. Initially, the researcher 
thought that perhaps this might be an ongoing issue across society where the use of 
CCTV is increasing. However, research from Japan suggests that privacy concerns for 
CCTV have reduced between 2008 and 2019 as respondents accepted the benefits of their 
use (Hino, 2022). Research from the United Kingdom indicated there was increasing 
approval for the installation of CCTV which reduced crime (Gill et al., 2007). However, 
speed cameras have been controversial for over 20 years with privacy one of the issues 
raised in opposition to their use (Delaney et al., 2005).  
 
The most common negative response was around the perception that the speed cameras 
are used to generate increased government revenue rather than improve driving 
behaviours. Although this has been considered as a separate theme within the data, it is 
also based within the lack of knowledge and understanding. In Western Australia, the 
funds from speeding fines are credited to the Road Trauma Trust Account which is a 
legislated body that can only use the funds for specified road safety initiatives (Hamilton, 
2024). The word ‘rort’ was used in several posts in relation to this theme.  
 
Satirical responses 
 
There were several comments that suggested a satirical or ironic tone. Whilst the wording 
looked negative, the overall tone in some posts suggested otherwise. There were some 
responses that were also not applicable and mentioned other risky driving behaviours, not 
speeding or the use of speed cameras. Some comments that were part of a conversation 
were also not categorised into positive or negative. As the intention of the authors of 
these posts could not be determined, in the manual analysis of the posts, no themes were 
taken from the posts considered to be satirical or ironic. One of the challenges in the data 
analysis was that often posts followed the conversation, rather than making a new post.  
 
Findings from the use of ChatGPT 
 
Following the researcher analysis of the data, the researcher copied the data into 
ChatGPT. All 44 comments in the Word document were simultaneously copied. This 
included the satirical comments identified by the researcher and detailed above. The 
instruction/request to ChatGPT was to analyse the text of the comments for themes. The 
data analysis by ChatGPT indicated the steps that the researcher recognised as those of 
Braun and Clarke (2006, 2012). ChatGPT indicated that it would start by reading the data. 
Then in accordance with Braun and Clarke it produced 10 codes.  
 

- Inconsistent speed limits 
- Distracting speed changes 
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- Overseas speed limits comparison 
- Safety vs. speed debate 
- Speed cameras as revenue generators 
- Road safety and driver behaviour 
- Government policies and public opinion 
- Personal anecdotes about driving experiences 
- Calls for more police presence 
- Climate change considerations 

 
Following on with the Braun and Clarke process, ChatGPT grouped the initial codes into 
broader themes. Five themes were generated.  
 

1. **Inconsistent and distracting speed limits**: 
   - Inconsistent speed limits and changes 
   - Distracting and potentially dangerous 
   - Comparison with overseas practices 
 
2. **Speed and safety debate**: 
   - Arguments for higher speed limits 
   - Counter-arguments emphasising safety 
   - Mention of professional opinions and research 
 
3. **Revenue generation vs. road safety**: 
   - Speed cameras seen as revenue tools 
   - Public scepticism about government intentions 
   - Personal anecdotes about fines and speed traps 
 
4. **Government and policy critique**: 
   - Criticism of government road safety strategies 
   - Calls for different measures (e.g., more police on roads) 
   - Discussion of political implications 
 
5. **Driver behaviour and education**: 
   - Importance of driver awareness and education 
   - Suggestions for better driving practices 
   - Role of advertisements and public campaigns 

 
Again, indicating the process of Braun and Clarke, ChatGPT reviewed the themes to 
ensure they accurately reflected the data: 
 

1. **Inconsistent and distracting speed limits**: There is a strong emphasis on how 
varying speed limits within short distances cause confusion and distraction, increasing 
the risk of accidents. 
 
2. **Speed and safety debate**: There is a clear divide between those who believe higher 
speed limits can be safe and those who emphasise the inherent dangers of speeding. 
 
3. **Revenue generation vs. road safety**: Many contributors view speed cameras and 
fines as revenue-generating tools rather than genuine safety measures. 
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4. **Government and policy critique**: Criticism of government policies is prevalent, 
with calls for more police presence and better use of funds for road safety education. 
 
5. **Driver behaviour and education**: The importance of driver behaviour and 
education is highlighted, with suggestions for public awareness campaigns and better 
driving practices. 

 
Again, progressing with the Braun and Clarke process (Step 5: Defining and naming 
themes). Here are the final themes: 
 

1. **Inconsistent and distracting speed limits**: This theme covers the confusion and 
risks associated with frequent changes in speed limits and the lack of consistency. 
 
2. **Speed and safety debate**: This theme encompasses the differing opinions on 
whether higher speed limits are safe or inherently dangerous. 
 
3. **Revenue generation vs. road safety**: This theme highlights the public perception of 
speed cameras as tools for generating revenue rather than improving safety. 
 
4. **Government and policy critique**: This theme includes the public's critique of 
government road safety strategies and the call for more effective measures. 
 
5. **Driver behaviour and education**: This theme focuses on the need for better driver 
education and public awareness campaigns to improve road safety. 

 
In summary ChatGPT indicated “These themes encapsulate the main concerns and 
opinions expressed in the data regarding speed limits, road safety, government policies, 
and driver behaviour” (OpenAI, 2024, ChatGPT 3.5). 
 
Comparison between researcher and AI produced themes 
 
In this section I compare my analysis with that of ChatGPT and account for the 
differences between the analyses. I had identified six themes which were categorised into 
positive and negative aspects. ChatGPT provided five final themes but was not asked to 
categorise into positive or negative. This aspect may account for some differences. Table 1 
below shows a comparison of the themes between the human and ChatGPT analysis.  
 

Table 1: Themes from the human and ChatGPT analyses 
 

Human analysis ChatGPT 
Positive themes Inconsistent and distracting speed limits 

Speed and safety debate 
Revenue generation vs. road safety 
Government and policy critique 
Driver behaviour and education 

Knowledge and understanding 
Legal perspective 
Behavioural perspective 

Negative themes 
Lack of knowledge and understanding 
Privacy issues 
Revenue raising  
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ChatGPT provided quotes from the comments that clearly supported the analysis, and 
these quotes made sense as supporting the theme. These quotes are not presented to 
preserve the anonymity of the respondents within the research. Whilst I can recognise the 
ChatGPT themes, my perspective was focused particularly on the comments that spoke to 
the issues of the camera use and this may be the reason for the differences between what 
has been produced by ChatGPT and what I saw in the data. All the posts were provided 
to ChatGPT, and this may have provided some distracting information. This is evident in 
the ChatGPT theme of inconsistent and distracting speed limits which within the data 
formed a conversation which may have emphasised its importance to the commentators.  
 
The speed and safety debate is again recognisable by me as the researcher within the data. 
In this case, the comments that represented this aspect were based on incorrect 
information/ perspectives that are in opposition to the academic research. In this case I 
had considered this as part of the negative theme of lack of knowledge and understanding. 
This aspect could also cross with my theme of legal perspectives. There was conversation 
within the comments about obeying the speed limit and thereby obeying the law with the 
result of not receiving a fine, although there was also considerable debate amongst the 
commentators about whether or not speeding was actually breaking the law.  
 
Revenue generation vs. road safety ties to the researcher’s theme of revenue raising. As 
indicated in the body of this paper, international research indicated that the use of speed 
cameras reduced crashes and speeding behaviour. Much of the comment included 
government and policy critique acknowledged in the ChatGPT analysis. From my 
perspective this linked more directly to the revenue raising aspect and also related to a lack 
of knowledge.  
 
The ChatGPT theme of driver behaviour and education relates partly to the behavioural 
perspective of the researcher. However, there are some differences. Bearing mind that 
ChatGPT was provided with the total comments and at least 12 of these I noted as 
satirical or containing issues that were not directly related to speed cameras. The 
ChatGPT theme of government and policy critique may have been developed from the 
satirical/ironic posts.  
 
Why did these differences occur? 
 
I can identify several reasons for the differences between my analysis and that of 
ChatGPT. First, I was focused on seeking out comments specifically about the use of 
speed cameras, whereas ChatGPT was provided with the full 44 posts including those that 
were satirical and those that also referred to other driving behaviour. Second, I have 
experience as a road safety researcher and brought that knowledge and potential biases to 
this research. Third, ChatGPT was provided with the complete comments with a simple 
instruction to analyse for themes. The request to ChatGPT did not ask it to consider only 
comments that related to speeding camera use.  
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Discussion and recommendations 
 
In this paper I presented a simple analysis of 44 public posts published in an online 
newspaper. These posts were made in response to an article on the introduction of new 
road safety cameras that can identify speeding behaviour and other, potentially risky 
driving behaviour such as lack of seat belt use, and use of mobile phones or devices. I 
presented some descriptive data which revealed a higher number of negative comments 
(19) to positive comments (13). Additionally, there were 12 comments that were not 
categorised as the language used in them was considered potentially satirical or ironic, but 
without being able to confirm with the authors the intent of their comments, I considered 
it wise to not categorise them.  
 
Although there was not a great difference in the number of negative versus positive 
comments, the number of ‘respects’ received for posts considered negative by the 
researcher was 167 compared to 41 for positive posts. The posts categorised as either not 
applicable (off topic) or satirical collected 18 ‘respects’. The difference in the number of 
‘respects’ suggests that the general public have negative feelings/ responses to the use of 
cameras to support safe driving, something that has been the topic of international 
research over at least two decades. However, the main aim of this paper was to present 
this researcher’s journey in the use of AI, and this has been achieved through the 
comparison of my analysis with the analysis provided by ChatGPT.  
 
Lessons learned from this research (and limitations) 
 
The literature on ChatGPT (and in fact on its website) indicates that ChatGPT may make 
errors. This brings to the fore the knowledge of a researcher and the ability to review and 
consider why differences between researcher analyses and ChatGPT analyses may occur. 
Additionally, the results from the ChatGPT analysis would most likely have been different 
if only the comments that directly related to the topic (speed camera use) had been 
provided (I have an ethical issue with this suggestion – described below). The provision of 
a specific research question might also have produced different results. As this research 
was exploratory, a specific research question was not considered.  
 
The instructions to ChatGPT were very general and in hindsight could (and should) have 
been more specific. This could relate to the specific topic of investigation, to seek for 
positive and negative aspects, and also to the specific data analysis required. Interestingly 
and perhaps based on its knowledge, ChatGPT appeared to default to the very commonly 
used thematic analysis process developed by Braun and Clarke (2006, 2012). As an 
experienced researcher I immediately recognised this process, but this may have not been 
realised by someone with less research experience, especially in the analysis of qualitative 
research.  
 
Ethics and accountability in the research 
 
Ethics and accountability are interests and concerns for me and had previously inhibited 
my use of AI for data analysis. One of my ethical reasons for using this small research 
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project as an example of exploration of using ChatGPT to analyse data was the fact that 
there was no participant interaction in this research, as involved only desktop research. 
Therefore, the ethical issue of conducting research with participants in which the 
participants’ time and effort in providing data is obviated. In relation to accountability, 
this researcher has been honest about her use of AI and the process employed. In 
presenting this research paper, I believe that no manipulation of the data to support the 
use of AI has occurred. A further analysis of what ChatGPT would have produced had 
only speed camera comments been provided may have been useful. However the question 
arises for this researcher about the ethics of doing this to produce a research paper. The 
issue of accountability for this research is evident: this researcher has conducted the 
research honestly and the use of AI has been explicitly demonstrated.  
 
Final words and recommendations 
 
I found this experience of using AI positive. It has enabled me to test ChatGPT using a 
small sample of publicly available comments, and to consider what I would do to conduct 
future research analyses with ChatGPT. It is likely that I would do the research in a 
manner similar to that revealed in this paper (human analysis followed by AI analysis) and 
be clear and transparent about the role of AI. My ‘fear’ of AI and its potential role in 
research analysis has reduced as a result of this experience.  
 
Recommendation 1 
Researchers need to be clear about the role of AI in their research. The analysis provided 
by ChatGPT would not have been so fully understood if the researcher had not 
conducted her own analysis prior to using ChatGPT. The themes provided by ChatGPT 
were recognisable by the researcher as demonstrated earlier in the paper with the 
comparison between the manual and ChatGPT analyses. This is the result of the 
researcher’s specific knowledge of the topic. One of the key aspects that the researcher 
would change in the future analysis of such data would be the use of a specific research 
question.  
 
Recommendation 2 
Conduct manual research analysis prior to using AI analysis. It is important that the 
researcher conducts their analysis prior to using AI. Qualitative research is affected by 
biases within the researcher and to conduct the AI research first may redirect how the 
researcher treats the data in the human analysis.  
 
Recommendation 3 
Provide AI with a specific research question (as well as specific instructions). The current 
research themes provided by the AI would have been affected by the different 
instructions provided by the researcher when compared with how the human analysis was 
conducted. Whilst the themes provided through both analyses were comparable, there 
were some differences attributed to the different processes used.  
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Recommendation 4 
Only use AI where the researcher has good/expert knowledge of the research topic. As 
indicated early in this paper, ChatGPT acknowledges that it may make errors. If the 
researcher does not know the topic sufficiently well, then the overall research may be 
compromised.  
 
Recommendation 5 
This process of conducting a manual assessment followed by a ChatGPT analysis might 
be useful for researchers who are working alone, not part of a team, as the use of 
ChatGPT and the following comparison analysis allowed the researcher to demonstrate 
the reasonableness of her own interpretation from the posts. In this way AI is replacing a 
collaboration with colleagues or a peer review of the analysis which strengthens the 
trustworthiness of the research (Creswell & Poth, 2018). The researcher believes that the 
five issues raised by Van Dis et al. (2023) have been addressed in this research.  
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